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Abstract 

 

Digital payments are currently well-developed and available through various methods, 

especially in Indonesia. Digital payments are essential in ensuring the country’s economy keeps 

running and in helping to boost the economy. However, the impact of such payments on 

poverty is currently unknown. This study examines the impact of digital payments on poverty 

rates in Indonesia. We use the ECM (Error Correction Model) to analyze the impact of digital 

payments on poverty in the short and long term, using data from 2009 to 2022. The results 

show that an increase in digital payments through the volume of ATM and debit card 

transactions is associated with short and long-term poverty reduction. Meanwhile, the variable 

volume of credit card transactions and volume of electronic money transactions does not 

significantly impact poverty in the short or long term. Economic growth as a control variable 

also plays a role in reducing poverty significantly in the long term.  

 

Keywords: Digital Payments, ATM/Debit Transactions, Electronic Money Transactions, 

Credit Card Transactions, Poverty. 

 

 

1. INTRODUCTION 
 

Nowadays, digital payments are widely used, especially during the Covid-19 pandemic. 

The Central Bank of Indonesia originally launched a digital payment system through the 

National Cashless Movement (GNNT) in 2014. Digital payments then grew significantly 

during the pandemic, as evidenced by the value of electronic money transactions, which grew 

30.84 percent in 2022 compared to 2021 (Portal Informasi Indonesia, 2023). Databoks (2023) 

noted that the value of digital banking transactions in January 2022 was 3.8 quadrillion rupiah, 

while in the same month in 2021, it was only 2.7 quadrillion rupiah. This shows a significant 

growth of 40.74 percent (Databoks, 2023). The implementation of non-cash transactions 

continues to grow and is a logical consequence of the Indonesian millennial generation, who 

prefer to carry out transactions easily, quickly, and efficiently. 

The outbreak of the pandemic has affected daily life and changed people’s shopping 

behaviour through increased use of electronic payments (Muanglen & Durongkaveroj, 2023). 

The volume of electronic money transactions in Indonesia experienced stagnation from 2009 

to 2016, in contrast to the volume of ATM card transactions, which has shown an increasing 
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trend since 2009 (Figure 1). This is because people are now more familiar with using ATM 

cards in transactions, but have yet to become familiar with electronic money. It was only in 

2017 that electronic money transactions began to be in demand as they are today, in comparison 

to ATM cards.  

 

Figure 1 Growth of VATM, VUE, and VCC (percent) 

 
Source: Central Bank of Indonesia 
Note. VATM is the volume of ATM plus Debit card transactions, VUE is the volume of electronic 

money transactions, and VCC is the volume of credit card transaction. 

 

It is believed that digital development and the adoption of new technologies can 

effectively help to reduce poverty in various countries (BAPPENAS & UNDP, 2020; 

Kwilinski, Vyshnevskyi & Dzwigol, 2020; and Spulbar, et al., 2022). In the case of South Asia 

and Sub-Saharan Africa, it has been found that mobile technology and digital finance can 

reduce poverty and socio-economic inequality (Lyons, Kass-Hanna, & Greenlee, 2020). In the 

case of India, digital payment systems have helped increase trade with micro-enterprises 

through e-commerce, alleviating poverty. However, problems remain regarding the 

affordability of internet access. 

Of course, digital payments cannot be separated from the use of networks and the 

internet. Indonesia has one of the largest populations of internet users in the world. As of 

January 2022, there were 204.7 million users, according to the We Are Social report, an 

increase of 1.03 percent from the previous year and 16.7 percent from 2020 (Databoks, 2022). 

However, Indonesia’s poverty level fluctuates from year to year and even appears to experience 

an increasing trend when viewed in total (urban and rural). (Figure 2). 

 

Figure 2. Trends in Indonesia’s Poverty Rate (Percent) 

 
Source: Central Bureau of Statistics 
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Several previous studies have found the opposite. Increasing internet use has a 

multidimensional impact on poverty alleviation in rural China (Yang, Lu, Wang, & Li, 2021). 

Research in Bangladesh shows that ICT has good capabilities for poverty alleviation despite 

many challenges (Chowdhury, Chowdury, Chowdury, Hossain, & Ahsan, 2021). Although the 

existing literature has researched the impact of digitalization on poverty, further investigation 

of the effect of digital payments on poverty levels is necessary. We argue that digital payment 

systems can reduce poverty as digital payments make it possible for people to successfully 

access formal financial institutions, boosting income, and reducing poverty. 

This study aims to analyze the impact of digital payments on Indonesia’s poverty rates. 

We analyze ATM transactions, credit cards, electronic money, and economic growth as control 

variables. First, we examine the impact of electronic money on poverty. Previous research has 

discussed the impact of mobile money on long-term poverty in Bangladesh, finding that mobile 

money has successfully driven various poverty alleviation initiatives (Islam, Basher, & Haque, 

2022). Second, we examine the impact of ATM transactions on poverty. Increasing active 

ATMs is believed to increase GDP and reduce poverty in developing countries (Williams, 

Adegoke, & Dare, 2017). This is in line with research conducted by Sakanko, David & Onimisi 

(2020), which showed that poverty decreases in the short term with increasing access to ATMs. 

Third, we examine the impact of credit cards on poverty. Credit cards are a valuable tool for 

consumers of all income levels. However, conversely, credit cards also increase the risk of 

making excessive purchases that exceed the individual’s ability to pay their credit card debts 

promptly (Fuentes, 2014). According to Cai, Ou, Han, & Lyu (2022) who researched farmers 

in China, if the use of credit cards is reasonable, it will effectively relieve farmers’ cash flow 

pressure helping them to overcome financing difficulties. 

 

2. LITERATURE REVIEW 

 

2.1 Digital Payments 

 

According to data from MyGovIndia, in 2022, India will top the digital payments list 

with 89.5 million transactions compared to four other large countries, namely Brazil, China, 

Thailand, and South Korea. A study conducted in India (Gautam, Kanoujiya, Bhimavarapu, & 

Rastogi, 2021) found that financial technology can positively impact poverty alleviation, 

sustainable growth, reduction of income gaps, and economic stability. In another study in 

China, mobile payments were shown to help reduce the likelihood of households falling into 

poverty (Li, Zhang, Xiang, & Liao, 2022), while financial technology has also been shown to 

be effective in reducing poverty in every Chinese province, with a powerful impact on low-

income provinces (Ye, Chen, & Li, 2022). 

Digital payments ensure that small business owners and others in the informal sector 

can participate in the formal economy. It can reduce poverty and trigger economic growth 

(Workpay, 2023). Digital payments in Indonesia started with a cashless society program 

designed by the government as a preparation for the Indonesian people in facing global 

competition, especially the ASEAN Economic Community (AEC), which started in January 

2016 (Tarantang, Awwaliyah, Astuti, & Munawaroh, 2019). The digital payment system is a 

transaction process using particular electronic money on a digital platform (Universitas Bakrie, 

2022). Digital payments make financial transactions more efficient, fast, economical, secure, 

and easy to process (Abdullah, Redzuan, & Daud, 2020). Previous studies suggest mobile 

payments are more secure than traditional payment methods (Johnson, Kiser, Washington, & 

Torres, 2018). However, many consumers continue to perceive them as less secure (Shao, 

Zhang, Li, & Guo, 2019). 
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However, even though digital payments have the potential risk of being hacked, they 

are more secure and worth using compared to traditional payments. Governments can help to 

protect users with policies regulating digital payments, and financial service providers must 

also ensure their security (Colline, Hamsal, Furinto, & M., 2022). Digital payments have 

changed people’s lives drastically, especially following the Covid-19 pandemic, which affected 

people’s lifestyles, including Generation X and baby boomers (Santosa, Taufik, Prabowo, & 

Rahmawati, 2021). People have become accustomed to online activities such as shopping, 

buying food, and studying. 

 

2.2 Digital Payments and Poverty 

 

The existence of Communication and Information Technology (ICT) is an essential 

component for creating innovations in financial products so that it can attract the interest of 

people with low incomes in accessing financial services (Suidarma, 2019). Ultimately, 

financial innovation can increase economic growth (Mwinzi, 2014). According to several 

studies, ICT can significantly contribute to economic growth (Andrianaivo & Kpodar, 2011) 

and is beneficial for long-term economic growth processes (Makun & Jayaraman, 2020; and 

Pradhan, Arvin, Nair, Bennett & Bahmani, 2016), and poverty reduction (Schmied & Marr, 

2016; and Bakari, et al., 2019). 

In their research on European Union countries, Kwilinski et al. (2020) claim that 

countries with higher levels of digitization have a lower percentage of people in poverty and a 

lower risk of social exclusion (Kwilinski, Vyshnevskyi, & Dzwigol, 2020). In several articles, 

there has been a focus on the relationship between the internet and technology and the 

knowledge economy. This relationship is significant as growth in the percentage of internet 

users can enhance the transition to a knowledge economy and support poverty reduction 

(Pinzaru, Zbuchea, & Anghel, 2014; and Massimo & Luca, 2007). 

Other studies claim an interaction between internet access, mobile phones or other 

technologies and poverty, which is the topic of focus in several articles (May & Diga, 2015). 

In the case of South Asia and Sub-Saharan Africa, it has been shown that adopting new 

technology is essential in maintaining poverty reduction in developing countries (Lyons, Kass-

Hanna, & Greenlee, 2020). 

 

Figure 3. Analytical Framework 
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development through digital payment systems can increase income, ultimately reducing 

poverty (Figure 3). The development of the financial sector through digital payments makes 
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In turn, higher growth and higher per capita income facilitates the achievement of poverty 

alleviation. 

According to previous research by Appiah-Otoo & Song (2021), financial development 

can directly impact economic growth by creating more jobs, increasing income and indirectly 

reducing poverty through economic growth. Ye, Chen & Li (2022) found that increasing 

fintech adoption by one point in high-income Chinese provinces directly reduced poverty by 

10 percent, while in low-income provinces, it reduced poverty by 20 percent. At the micro level 

of households, Wang & He (2020) also found a direct impact of fintech on reducing poverty 

through increased financial access. 

Other findings for nine developing countries in Asia (Perera & Lee, 2013), for Brazil 

(Iniguez-Montiel, 2014), and 92 developed and developing countries (Dollar & Kraay, 2002), 

found that economic growth can directly reduce poverty. 

 

3.  RESEARCH METHODOLOGY 

 

3.1 Data 

 

We collected data from Bank Indonesia and the Central Bureau of Statistics, classifying 

it into three categories, namely digital payments (including data on ATM use and debit cards 

transaction volumes, electronic money transaction volumes, and credit card transaction 

volumes), economic growth data, and percentage of poor population (see Table 1). We used 

secondary time series data collected from 2009 to 2022. 

 

Table 1 Research Variables 

Variable Variable Indicators Source 

Digital Payments ATM plus debit cards transaction volume (thousand 

transactions) 

Electronic money transaction volume (thousand 

transactions) 

Credit card transaction volume (thousand transactions) 

Central Bank of 

Indonesia, 2023 

Macroeconomics Economic growth (percent) Central Bureau of 

Statistics, 2023 

Poverty Percentage of poor in the population (percent) Central Bureau of 

Statistics, 2023 

 

3.2 Modelling of Error Correction Model (ECM) 

 

The error correction model (ECM), is a model used to see the long-term and short-term 

effects of each independent variable on the dependent variable. ECM is used in econometric 

analysis for time series data, making it possible to handle non-stationary data series and to 

separate long-term and short-term effects.  

This model is worth using when looking at the role of digital payments and poverty. 

Previous studies have found that digital payments can encourage economic growth and help 

escape poverty (Zhang, Zhang & Gong, 2022; Li, 2018; Lee, Morduch, Ravindran, Shonchoy 

& Hassan, 2021; and Lyons, Kass-Hanna & Greenlee, 2020). We believe that digital payments 

will not immediately impact poverty, but rather the impact will be noticed in the long term. For 

this reason, ECM is the appropriate model to use. 

The ECM approach was carried out based on the results of the stationarity test of 

research data, namely at the first difference level using the Augmented Dickey-Fuller (ADF) 

method and the cointegration of the relationship between model variables. If the time series 
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data regression model is not stationary, it is more likely to produce incorrect regression results 

(Wau, 2022). 

The stages of the ECM approach in this study were as follows: (1) Stationarity Test, (2) 

Cointegration Test, (3) ECM modelling, and (4) Classical Assumption Test. ECM modelling 

can be performed if cointegration between the independent and dependent variables exists. 

ECM tests model specifications, checking whether the data collection is appropriate. The 

model specifications and data collection are appropriate if the ECT (Error Correction Term) or 

Resid (-1) parameters are statistically significant. 

Research model specifications:  

 

𝑃𝑂𝑉𝑡 = 𝑓(𝑃𝐸, 𝑙𝑜𝑔𝑉𝐴𝑇𝑀, 𝑙𝑜𝑔𝑉𝑈𝐸, 𝑙𝑜𝑔𝑉𝐶𝐶) 
 

𝑃𝑂𝑉𝑡 =  𝑏0 +  𝑏1𝑃𝐸𝑡 +  𝑏2𝑙𝑜𝑔𝑉𝐴𝑇𝑀𝑡 +  𝑏3𝑙𝑜𝑔𝑉𝑈𝐸𝑡 +  𝑏4𝑙𝑜𝑔𝑉𝐶𝐶𝑡 
 

Where POV stands for poverty, namely the percentage of poor individuals in the population 

(percent), PE is economic growth (percent), VATM is the volume of ATM plus debit card 

transactions (thousands of transactions), VUE is the volume of electronic money transactions 

(thousands of transactions), VCC is the volume of credit card transactions (thousands of 

transactions),  is the coefficient, t is the observation period (2009-2022), and log is the 

logarithm. 

 

4. RESULTS 

 

4.1 Data Stationarity Test Results 

 

Before establishing the ECM model, it is necessary to test the stationarity of the data 

through the unit root test. The ECM model can be performed if the dependent variable is not 

stationary at unit root test in level. The data stationarity test was carried out using the 

Augmented Dickey-Fuller (ADF) test. The results are as follows: 

 

Table 2 ADF Test Output Results 

Variable Level Structure Probability ADF test 

POV Unit root level 

1st difference* 

Intercept 

Intercept 

0.0913 

0.0393* 

PE Unit root level 

1st difference* 

Intercept 

Intercept 

0.0946 

0.0161* 

LOGVATM Unit root level* Intercept 0.0070* 

LOGVUE Unit root level 

1st difference* 

Intercept 

Intercept 

0.6759 

0.0071* 

LOGVCC Unit root level 

1st difference* 

Intercept 

Intercept 

0.3558 

0.0083* 

 

The ADF test probability values shown in Table 2 above, indicate that all variables are 

not stationary at unit root level but stationary at the first difference level except for the 

logVATM variable, which is stationary at unit root level. 

 

4.2 Cointegration Test Results 

 

The cointegration test is carried out by long-term regression and looking at the residual 
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value. The Long-term regression equation is structured as follows: 

 

𝑃𝑂𝑉𝑡 =  𝑏0 +  𝑏1𝑃𝐸𝑡 +  𝑏2𝑙𝑜𝑔𝑉𝐴𝑇𝑀𝑡 +  𝑏3𝑙𝑜𝑔𝑉𝐶𝐶𝑡 +  𝑏4𝑙𝑜𝑔𝑉𝑈𝐸𝑡 
 

The results are shown in Table 3. 

 

Table 3 Cointegration Test Results 

Variable Coefficient Prob. 

C 52.31817 0.0003 

PE -0.109049 0.0649* 

LOGVATM -2.693904 0.0156** 

LOGVCC 0.092761 0.9448 

LOGVUE -0.064027 0.6763 

R-squared 0.977846 

F-statistic 99.31138 

Prob(F-statistic) 0.000000 

* Significant at α = 10 percent 

**Significant at α = 5 percent 

  

In the long-term regression results, it can be seen that the coefficient of the PE variable 

is negative and significant at α = 10 percent. This shows that an increase in economic growth 

will lead to a significant decrease in the poverty rate. The LOGVUE variable has a negative 

sign and is insignificant because the probability value is 0.6763, which is greater than 0.05. If 

the volume of electronic money transactions increases, the poverty rate will decrease, but the 

effect is insignificant. The coefficient of the positive LOGVCC variable is also not significant 

(probability value 0.9448 > 0.05), which means that when the volume of credit card 

transactions increases, it will increase the poverty level, but the effect is not significant. 

Furthermore, the coefficient of the LOGVATM variable is significant and negative at α = 5 

percent. An increase in ATM transaction volume significantly reduces the poverty rate. 

The R-squared value of the Long-term poverty level equation is 0.977. This indicates 

that all independent variables can explain 97.7 percent of the variation in the dependent 

variable, while other factors outside the long-term equation model explain the remaining 2.3 

percent. Furthermore, the simultaneous significance test results show a probability value of 

0.0000, meaning that all the independent variables in the long-run equation jointly and 

significantly affect the POV dependent variable. 

A unit root test was then carried out on the residual value at unit root level, with the 

results shown in Table 4. 

 

Table 4 Augmented Dickey-Fuller (ADF) Test 

Variable Coefficient Prob. 

RES(-1) -1.442325 0.0185** 

C -0.014818 0.8270 

**Significant at α = 5percent 

 

Based on the ADF test results, the first derivative’s residual coefficient value was 

negative, with a probability value of 0.0185, which is less than 0.05. The Error Correction 

Model (ECM) model can therefore be performed, and there is cointegration between the short-

term and long-term. Therefore, the ECM analysis can be continued for short-term regression 

tests. 
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4.3 ECM Results 

 

As all data passed at the first difference, the ECM short-term regression equation was 

arranged as follows: 

𝐷(𝑃𝑂𝑉)𝑡 =  𝑏0 + 𝑏1𝐷(𝑃𝐸)𝑡 +  𝑏2𝐷(𝑙𝑜𝑔𝑉𝐴𝑇𝑀)𝑡 +  𝑏3𝐷(𝑙𝑜𝑔𝑉𝐶𝐶)𝑡 +  𝑏4𝐷(𝑙𝑜𝑔𝑉𝑈𝐸)𝑡 

 

The results are shown in Table 5. 

 

Table 5 ECM Results 

Variable Coefficient Prob. 

C -0.017989 0.9058 

D(PE) -0.055891 0.3076 

D(LOGVATM) -3.033556 0.0308** 

D(LOGVCC) -1.114099 0.5125 

D(LOGVUE) 0.121628 0.4460 

R-squared 0.757983 

F-statistic 6.263898 

Prob(F-statistic) 0.013832 

**Significant at α = 5percent 

 

D notation shows the magnitude of the change. Table 5 above shows that only 

LOGVATM significantly affects the short-term poverty rate at α = 5 percent. This means that 

ATM transaction volume changes will affect the poverty rate at a factor of -3.033556. The R-

squared value of the short-term poverty equation is lower than the long-term equation, at 

0.757983. This proves that the independent variables combined explain 75.79 percent of the 

variation in the dependent variable, while other factors outside the short-term equation model 

explain the remaining 24.21 percent. 

The results of the concurrent significance test show a probability value of 0.0138. Thus, 

all the short-run equation’s independent variables jointly and significantly affect the dependent 

variable POV. 

 

4.4 Classical Assumption Test Results 

 

4.4.1 Normality Test

 

Figure 4 Normality Test Results 

 

 

 

 

Series: Residuals 

Sample 2010 2022 

Observation 13 

Jarque-Bera 1.639305 

Probability 0.440585 
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The normality test results show a Jarque-Bera value of 1.639305 with a probability of 

0.440585, which is greater than 0.05. Therefore, the null hypothesis of testing the feasibility of 

the model is rejected, meaning that the data is normally distributed. 

 

4.4.2 Linearity Test 

 

Table 6 Ramsey Reset Test Results 

 Value df Probability 

t-statistic 0.888091 7 0.4040 

F-statistic 0.788706 (1,7) 0.4040 

Likelihood ratio 1.387939 1 0.2388 

 

Using the Ramsey reset test, the F-statistic value is 0.788706, with a probability value 

of 0.4040, which is greater than 0.05. Therefore, the null hypothesis is rejected, and the model 

is found to be linear. 

 

4.4.3 Multicollinearity Test 

 

Table 7 Variance Inflation Factors (VIF) 

Variance Coefficient Variance Uncentered VIF Centered VIF 

C 0.021704 3.220788 NA 

D(PE) 0.002631 2.699720 2.698652 

D(LOGVATM) 1.343838 4.014919 1.418400 

D(LOGVCC) 2.643222 3.448205 2.793793 

D(LOGVUE) 0.023025 2.197199 1.358418 

 

We see that the centered VIF value of all variables is smaller than 10. So, the null 

hypothesis for testing the feasibility of the model is rejected; it can be concluded that the model 

is free from multicollinearity. 

 

4.4.4 Heteroscedasticity Test 

 

Table 8 Breusch-Pagan Godfrey Heteroscedasticity Test 

F-statistic                                                   0.523596 Prob. F (4,8)                                                   0.7219 

Obs*R-squared                                          2.697240 Prob. Chi-Square (4)                                      0.6097 

Scaled explained SS                                  0.864055 Prob. Chi-Square (4)                                       0.9297 

 

Based on the results of the heteroscedasticity test using the Breusch-Pagan Godfrey, the 

Obs*R-squared probability value is 0.6097, which is greater than 0.05. This means that the null 

hypothesis is rejected, the model is free from heteroscedasticity problems, or in other words, 

the model has homoscedasticity. 

 

5.  DISCUSSION 

 

Currently, digital payment systems in Indonesia are available in various methods 

ranging from bank transfers, payment gateways, e-wallets, debit/credit cards, and e-money, 

among others. All of these methods help make transactions more accessible and practical. 

During the COVID-19 pandemic, digital payments were the most widely used. Until the new 

normal era, Indonesian people were also accustomed to digital payments. The recent use of 
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digital payment systems has played an essential role in making payment transactions, ensuring 

that the country’s economy continues to run, and helping to develop the economy.  

 

Table 9 Summary Output Probability Value 

Variable Equation Probability Value 

PE 
Long Run 0.0649* 

Short Run 0.3076 

LOGVATM 
Long Run 0.0156** 

Short Run 0.0308** 

LOGVCC 
Long Run 0.9448 

Short Run 0.5125 

LOGVUE 
Long Run 0.6763 

Short Run 0.4460 

 

Economic Growth and Poverty Rate 

Based on the study results, long-term economic growth can significantly reduce 

Indonesia’s poverty rate. In the short term, if economic growth increases, the poverty rate will 

decrease as the correlation was shown to be negative but the effect is insignificant. The 

direction of a significant negative relationship in the long-term equation aligns with research 

conducted by Jayadi & Bata (2016), Son & Kakwani (2004), Dollar, Kleineberg & Kraay 

(2016) and Fosu (2015). Economic growth creates job opportunities which can reduce the 

unemployment rate. Unemployment and lack of work are one of the biggest causes of poverty. 

Economic growth can be said to have no short-term impact on reducing poverty, but in the long 

term, it can reduce poverty. 

Another study (Balasubramanian, Burchi & Malerba, 2023) found that economic 

growth is essential for alleviating multidimensional poverty. In developing regions and 

underdeveloped regions of the Nile River Basin, another study also showed that economic 

growth can reduce poverty (Lin, et al., 2022). Further research results in Sub-Saharan countries 

found that economic growth in developing countries can reduce poverty rates quickly 

(Thorbecke & Ouyang, 2022). However, these results contradict research, which states that 

economic growth has little influence on poverty in underdeveloped regions in Indonesia in the 

short or long term (Wau, 2022). 

 

Debit/ATM Card Transaction Volume and Poverty Level 
Based on the study results, the volume of debit/ATM card transactions, both in the short 

and long term, can significantly reduce poverty in Indonesia. Since 2018, the non-cash payment 

system policy has aimed at supporting the efficiency and effectiveness of government programs 

to support sustainable economic growth and the government’s efforts to eradicate poverty. This 

acceleration of payment electronification is applied in distributing government social programs 

such as non-cash social assistance and school operational assistance funds (BOS). Of course, 

this will empower the people to have financial services by creating bank accounts and using 

debit card/ATM transactions. 

The results of this study support the results of Brune, Gine, Goldberg & Yang (2011), 

Kusuma & Indrajaya (2020), Burgess & Pande (2005), and Williams, Adegoke & Dare (2017). 

Digital financial service products must be continuously improved as they can lift the poor out 

of the cycle of poverty. Apart from that, research conducted by Febriaty (2019) also suggests 

that the non-cash payment system has a proportion of influence on economic growth at 86.53 

percent. Research from the World Bank revealed that economic growth can reduce poverty as 

growth has a negligible impact on income inequality. In the data set, income inequality 
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increased by less than 1.0 percent yearly. Because income distribution is relatively stable over 

time, economic growth tends to increase the income of all members of society, including people 

experiencing poverty (Adams, 2003). 

 

Credit Card Transaction Volume and Poverty Rate 

Based on the research results, the volume of credit card transactions in the long term 

has not reduced the poverty rate because the effect is insignificant. Likewise, in the short term, 

even though the direction of the relationship in the short term is negative. These results refer 

to credit card penetration, which remains low in Indonesia (Lintasarta, 2022). According to the 

Indonesian Credit Card Association, the number of credit card holders had only reached 

16,513,623 people in 2021. Credit card penetration in Indonesia had therefore only reached 6 

percent of the total population of nearly 273 million people in that year. 

 

Electronic Money Transaction Volume and Poverty Rate 

Based on the study results, the volume of electronic money transactions in the long term 

can reduce poverty rates, but not significantly. Meanwhile, in the short term, it has a positive 

and insignificant effect on the poverty level. It rejects the results of research conducted by 

Islam, Basher & Haque (2022) in Bangladesh, which indicated that households with low 

income outside the reach of mobile financial services, will increase consumption with access 

to mobile money, in turn lifting them out of poverty. Nevertheless, the negative direction in the 

long-term relationship indicates that electronic money can reduce poverty, although not 

significantly. Data-wise, the volume of Indonesian electronic money transactions continues to 

increase in line with the rise of digital payment systems, although this is not evenly distributed, 

especially in remote areas. 

 

6. CONCLUSION AND RECOMMENDATIONS 

 

Poverty is still a scourge in Indonesia. The COVID-19 pandemic, a workforce that has 

not been fully absorbed in the market, and increased commodity prices due to rising fuel prices 

are factors of poverty. The development of digital payments can help to reduce poverty as 

digital payments are considered capable of driving Indonesia’s economic recovery, with a goal 

of poverty alleviation. 

In this study, we conclude that digital payments play a role in reducing poverty in 

Indonesia through the variable volume of ATM/debit card transactions in both the short and 

long term. These results support previous studies (Sakanko, David & Onimisi, 2020; and 

Nasution, Ramli, Sadalia & Ruslan, 2022). Although various payment systems have recently 

developed rapidly, the Indonesian people still demand using ATM/debit cards. The proof is 

that in 2018, the number of ATM/debit cards reached 152.48 million units; in 2021, it grew to 

221.3 million units, an increase of 45 percent. Likewise, the volume of ATM/debit transactions 

in 2018 amounted to 6.4 million; in 2021, it grew to 7.2 million, an increase of 12.5 percent.  

In conclusion, economic growth can also reduce poverty in Indonesia in the long term. 

If a country wants to reduce poverty, it must be oriented toward economic growth (Purnama, 

2017), as economic growth will open up jobs that can attract workers. Eventually, the poverty 

rate can be reduced (Susanto & Pangesti, 2020). Another opinion states that fast and sustainable 

growth is the most crucial way to reduce poverty (Department for International Development, 

2008).  

The pandemic has provided momentum in accelerating digitalization and utilizing it in 

transactions and economic activities. Due to the pandemic, digital-based payments are 

becoming popular and changing people’s lifestyles. Convenience and fast and cheap service 

are the primary keys to digital payments (Widyaningtyas, 2022). In Indonesia, the digital 
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payment system continues to increase in volume and transaction value (Putri, 2023). Even the 

Deputy Governor of Bank Indonesia emphasized that digitalization can benefit people’s 

welfare and reduce poverty and inequality (Departemen Komunikasi Bank Indonesia, 2022). 

Based on these findings, we recommend policies and actions that can encourage 

increased digital payments in both the short and long term, especially ATM/debit transactions, 

credit cards, and electronic money in Indonesia. For example, expanding access and digital 

payment facilities to remote areas, as well as outreach to the community, especially for people 

at the bottom of the pyramid, is essential for the use and benefits of digital payments to be 

continuous so that all levels of society can enjoy them. 
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